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1 [World Crisis] The Ideological Tether: Bureaucracy, Consciousness, and
the Limits of Human Progress

Juyang Weng, Brain-Mind Institute and GENISAMA, USA, Email: jweng @ genisama.com

Are men free, or is this only an illusion?

A tethered horse is restrained by physical means (rope, chain, strap, or cord) to remain within well-
defined limits or to follow a moving object.

In a similar vein, a tethered human is constrained—physically, mentally, or socially—via ideological
tethers. Jonathan Haidt has developed his idea of “groupishness” in his book The Righteous Mind: Why
Good People Are Divided by Politics and Religion, where he explains how groupishness arises from ideo-
logical influence, especially politics and religion [1]. While I agree with the author, I do believe that this
form of behavior goes well beyond what he describes. It holds for all forms of ideologies.

“Politics” come from Greek, “politikd”, meaning, “taking care of the affairs of the city”. But do politi-
cians “act for the public interest”? Do they “serve” their own people, or do they (at least foremost) rather
serve themselves? The question is not new, and its answer is widely shared—consciously or subcon-
sciously—by people with any degree of awareness.

This foremost selfishness in anybody should be true, including George Washington, Barack Obama, Joe
Biden, Donald Trump, (God permits) Adolf Hitler, Vladimir Lenin, Joseph Stalin, Mao Zedong, Vladimir
Putin, and anybody you are aware of—your father, your mother, and yourself—as long as they are conscious.

During my annual wellness visit this year, I raised concerns with my doctor—a former biological
researcher—about a flood of Post-Selection misconduct in science and engineering [2, 3] also known as
P-Hacking [4, 5]. I specifically complained about the field of Al, noting that misconduct involved not only
all Al papers in prestigious journals such as Science and Nature but also prominent researchers (including
Nobel Prize in Physics 2024 and Nobel Prize in Chemistry 2024). His response was laconic: “All humans
are selfish. Even Barack Obama served himself, though he claimed what he did was for the sake of his
country.” He went on to say that getting upset over such behavior does no good for anyone’s health and isn’t
worth the trouble. It doesn’t solve the problem and may even lead to poor health.

Politicians, institutions, and individuals in positions of power can be considered representatives of bu-
reaucracy, including state business (see Fig. 1).

Bureaucracy manipulates the masses through these ideological tethers. Ideologies—defined as systems
of ideas or ideals that underpin political and economic structures—include not only religion but also a vast

array of “-isms”: nationalism, capitalism, socialism, communism, colonialism, racism, feminism, sexism,
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Figure 1: Chinese Communist Party’s housing business competes with private housing sectors. The left-most
sign reads “Central-Party Business Bao Li, the leader of beautiful life”.

and so on. Even “Make America Great Again” (MAGA), popularized by Donald Trump, is merely an
ideological tether.

Why?

The editors of the definition of “consciousness” in Merriam-Webster disctionary [6] have chosen a five-
level piecemeal description, from level 1, an external object state, or fact, to level 5, the upper level of
mental life of which the person is aware, as contrasted with unconscious processes. Weng [7] challenged that
the editors of dictionaries lack computational understanding of the brain’s computation, but consciousness
should be defined in terms of computation. Namely, consciousness is equivalent to larger and higher contexts
of a current instant intent, larger in the spatiotemporal scope and higher in the height of abstraction. Because
ideology is an aspect of consciousness, all ideologies are short-sighted.

What is important is: According to the Conscious Learning algorithm enabled by the Developmental
Networks [8, 9], there are no “angel ideologies” or “evil ideologies” in biological genes. “Evil ideologies”
in one’s eyes are “angel ideologies” in another’s eyes or vice versa. However, all ideologies are short-
sighted, due to the limited nature and nurture [10]. For example, it takes many years to develop from a child
to an adult; our brains are not large enough, and our lives are too short. Many of us have heard “If you are
not a liberal when you are young, you have no heart, and if you are not a conservative when old, you have
no brain” [11]. By limited nurture, geography probably plays a fundamental role. Tradition, culture, and
social environments are deeply rooted in geography.

Most adults possess some degree of ideological awareness, but their overall consciousness remains lim-
ited. This is what may have led Prof. Zock to make the following statement: “Netanyahu used the liberation
of hostages as a justification to fight Hamas at any cost—even if it meant taking over 50,000 Palestinian

lives.” Hamas and other militant groups abducted 251 individuals from Israel during the attacks on October



Vol. 19, No. 3 CDS Newsletters August 2025

7, 2023. The general consensus points to a figure of around 1,200 to 1,500 Israeli deaths since October
7, 2023. Is it worth causing 1,200 to 1,500 deaths for only 251 abducted individuals? Can the high cost
be justified? Beaucracy, of course, has other reasons, such as destroying Hamas’s military and governing
capabilities, and preventing future threats from Gaza. Indeed, some observers and analysts have suggested
the following factors: (1) Netanyahu’s political survival; (2) the fragility of his coalition and the influence
of far-right elements; and (3) strategic calculations, including the potential expansion of the conflict into
regions such as Lebanon, Syria, and Iran.

The same principle applies elsewhere. The publishers of Science, Nature, ACM, and many other aca-
demic journals and conference proceedings have advertised that they all stick to academic ethics, but such
ethics are often sidelined in the face of widespread publication misconduct. This points to a deeper problem:
editors who are unprepared for the technical demands of their role, often selecting work not for its substance
but for its visual appeal, that have “paper gestalt” [12]—superficial visual features of a paper that looks
attractive (or pretty).

While my colleagues — or even my doctor — might disapprove of the time and energy I spend tracking
not only Al misconduct, but also the national fate of geography [13]. I believe it is nonetheless important
to study these issues, to highlight them, and to show how such ideological tethers are linked to geography.
In other words, the war crisis and Al crises are all misguided by the bureaucracy’s ideological tether that
is rooted in geography. In [13], I explored the role of geography in shaping modern Europe’s development
from 1500 to the present, and examined why Asia fell behind, as illustrated by events such as the First
Opium War (1839-1842), the Second Opium War (1856-1860), World War I (1914-1918), and World War
II (1939-1945).

What is often framed as a scientific issue is, in reality, deeply ideological. Yet ideology, as a scientific
subject, is rarely treated as practical—and it is likely to face resistance until we develop robust models of
how the brain works [8]. This may explain why ideology remains largely absent from scientific discourse.

The outcomes of wars are influenced by many factors, with power (e.g., the number of armed forces and
the resources) being one of them. However, wars are won or lost not merely through power, but also through
propaganda of ideology and various forms of corruption. While corrupt nations like North Korea, Vietnam,
and the former Soviet Union have sometimes prevailed against less corrupt opponents, they typically suffer
greater casualties and economic losses.

The degree of corruption is typically measured on a scale, with higher scores indicating lower perceived
corruption. The Corruption Perceptions Index (CPI), published by Transparency International, is a widely
used tool that scores countries from O (highly corrupt) to 100 (very clean). The CPI is based on expert
assessments and reflects perceived levels of public sector corruption. Data for the CPI is gathered from
various expert surveys and evaluations, including those conducted by organizations such as the World Bank
and the World Economic Forum.

In a sense, the Korean War is being echoed in today’s Russia-Ukraine War and the Israel-Gaza conflict,
as noted by Zock. I expect that both current conflicts will eventually come to an end. Those on the more
corrupt side are likely to suffer greater loss of life and experience more severe economic decline. However,
both sides will ultimately be worse off than they were before the war.

Wars often serve as ideological tools—used by bureaucracies as excuses to tighten control over the
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masses.

While my doctor may be correct, I still wonder why levels of corruption vary so widely across different
countries. I believe this is primarily due to geography, as well as the history and culture that emerge from it.

Anthropology is the study of humanity, encompassing biological evolution, cultural development, and
social structures across time and space. Yet, like other animals, we humans remain bound by our geography.
The diversity of landscapes gives rise to diverse ideologies. Through these ideological tethers, we—the
masses—are led, much like horses. And like horses, we have marched into wars—and now, into the age of
Al-driven deception.

The global average score for the Corruption Perceptions Index (CPI) is around 43, with many countries
scoring below 50—a clear indication that most nations are failing to effectively combat corruption.

Here are some notable CPI rankings and scores:

Denmark: Rank 1, Score 90

e Finland: Rank 2, Score 88

e Singapore: Rank 3, Score 84

e Germany: Rank 15, Score 75

e United Kingdom: Rank 20, Score 71
e France: Rank 25, Score 67

e USA: Rank 28, Score 65

e Saudi Arabia: Rank 38, Score 59
e China: Rank 76, Score 43

e India: Rank 96, Score 38

e Ukrain: Rank 105, Score 35

e Nepal: Rank 107, Score 34

e Iran: Rank 151, Score 23

e Russia: Rank 154, Score 22

e North Korea: Rank 170, Score 15

From these figures, one might infer that the populations of more corrupt countries are likely to suffer
greater hardship during times of war.
Regardless of whether the masses live in a less corrupt country like the USA or Israel, or on a more

corrupt side like Ukraine, Russia, or Gaza, they remain—metaphorically—tethered like horses. Many are
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drawn into war, believing they are becoming heroes, while in reality, they are being led by forces beyond
their control.

Another issue raised by Dr. Zock is: “How can we adapt to the speed of the changing world?” The
question is valid—especially when one considers that, at a biological level, we are slow to adapt; our genes
evolve gradually. Bureaucracies, such as that of the United States, also struggle to respond swiftly to geopo-
litical shifts—such as the rise of China—leading us into what some call a second Cold War [14].

Note that if the dissolution of the Soviet Union had been approached more rationally—if not scientifically—
NATO might have included Russia, potentially avoiding much of today’s conflict. Scientists have failed in
their responsibility to educate political leaders.

Another question posed by Dr. Zock is: “What dangers might superintelligence pose to humanity?”
While potentially interesting, this question seems premature. Current Al suffers from the flood of post-
selection misconduct. All Media-hyped superintelligences often result from selective reporting, programmer
intervention, or exaggerated performance claims (cheating, hiding, and gross performance exaggeration) —
even two recent Nobel Prizes suffer from this misrepresentation [15]. For example, if n = 5 predictors each
have an independent probability p = 0.3 to fail, the chance that all n = 5 fail simultaneously is p" = 0.3° =
0.00243, leading to an exaggeration factor of approximately 123 (0.3/0.00243).

The next two questions make perfect sense to me: “What are the limitations and dangers of cognitively
inspired AI? How can we overcome them?” Based on media hype, I suspect the general public holds more
optimistic views than reality warrants, which is likely why Dr. Zock expresses his concerns. Currently,
all media-hyped cognitively inspired Al suffer from fundamental limitations, as I noted above (e.g., the
123-fold exaggeration). The primary danger is that the masses are tethered by Al bureaucracy, including
institutions such as Science, Nature, ACM, the US National Science Foundation, Alphabet, OpenAl, Nvidia,
DeepSeek, and Nobel Committees.

Dr. Zock concludes his document by asking a whole set of questions: “What are the costs and benefits
of building a global village? How can we persuade those who oppose such a vision? Could cancelling the
debts of developing countries enable them to become genuine partners? How can we uproot the plague of
corruption, ensuring that financial aid reaches the right hands?”

These are well-intended goals expressed by a scientist, but scientists have not fully met their responsi-
bility to harness the power of science effectively. The idea of a global village runs counter to the science of
the human brain and therefore seems impossible; pursuing it risks wasting vast sums of money, much like
religious wars did before humanity eventually awakened after generations of suffering. Persuasion based
solely on scientific facts is unlikely, as the research community largely ignores the necessity of conscious
learning and the pioneering models of conscious learning [9, 16].

Cancelling the debts of developing countries is a double-edged sword—we risk encouraging corruption
by handing out free money, thereby rewarding corrupt behavior. Ensuring that financial aid reaches the
right hands will take many generations because colonial legacies often face resistance, as seen in South
Africa, and educating the governments of developing countries is not yet a priority or capability within the
bureaucracy of developed nations.

Can science and politics help each other? Definitely, yes—but it will take many generations to achieve

the necessary momentum.
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2 [AI Crisis] Statistical Efficiency Tells Two Nobel Prizes are Invalid

Reeve Fernandes, Michigan State University, USA
Email: ferna312@msu.edu

The highly coveted Nobel Prize has, since its establishment, recognized scientific breakthroughs that
drive humanity’s technological advance [2]. In 2024, controversy arose over the Nobel Prizes in Physics and
Chemistry, which honored work on neural networks and protein folding. Dr. Juyang Weng has argued that
the laureates’ evaluation procedures exhibit post-selection bias—a form of selective reporting that under-
mines scientific integrity [3]. He contends that multiple networks were trained and only the best-performing
models were reported, a practice that, if intentional, violates the spirit of genuine academic progress.

Post-selection bias occurs when favorable results are cherry-picked from many trials, thereby inflating
apparent performance [3]. To ground his critique, Weng first distinguishes the two stages of any classifi-
cation system: training and testing. A legitimate training stage must produce a complete model that, when
given previously unseen inputs, returns the top m labels (e.g., m = 5) [3]. Weng warns that some so-called
“deep-learning” approaches blur this boundary by storing all available data—the fit set, the validation set,
and a mislabeled “test” set—during training. Consequently, the model has effectively “seen” the data on
which it is later “tested,” along with the resultant label associated with the data; invalidating claims of
generalization.

Weng illustrates the danger with the Pure-Guess Nearest-Neighbor (PGNN) analogy: if an unlimited
number of random networks are tried, one will eventually meet any desired validation metric purely by
chance [3]. His second theorem shows that the post-selection step must belong to the training stage; without
it, the network could not return only the top-m labels, contradicting the original definition of training [3].
His third theorem follows logically: because the supposed test set was already used during training, the
network has never been evaluated on genuinely unseen data [3].

Two forms of misconduct follow from this practice. Hiding conceals the many networks that failed to
meet the target error, obscuring the mean and worst-case performance and the computational cost of repeated
guessing. Cheating arises when performance is reported on data that actually formed part of training but is
mislabeled as “test” [3]. A lottery analogy makes the point vivid: announcing a “winning strategy” after
buying thousands of tickets—and revealing only the lucky one—cannot prove the strategy will succeed in
the next draw.

Mitigating post-selection bias demands strict methodological rigor. First, researchers must disclose all
trained models and report mean, median, minimum, and maximum error rates on both validation and inde-

pendent test sets [3]. Second, the validation and test datasets must remain strictly separate, with the latter
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reserved for final evaluation by independent laboratories. Third, journals and conferences should enforce
comprehensive data-disclosure and statistical-verification requirements. One promising alternative is Devel-
opmental Networks (DN-2), proposed by Xiang Wu and supported by Weng’s work, which incrementally
trains a single robust model rather than relying on countless random initializations [4]. In the context of deep
networks (DN), the critical aspect is that the trained network must achieve the highest statistical efficiency
among an infinite number of networks exposed to the same training data. This concept is akin to Yasamin
Mirzababa’s discussion in [1] regarding the minimum mean square error (MMSE) estimate when only a
single parameter is permitted for reporting.

In sum, the debate surrounding the 2024 Nobel Prizes underscores the need for transparent validation
protocols in Al research. By eliminating post-selection bias and embracing rigorous reporting standards, the

community can ensure that future breakthroughs truly advance the field while upholding scientific integrity.
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3 [AI Crisis] Debate between Weng and Fudan University 1

Juyang Weng, Brain-Mind Institute and GENISAMA, USA, Email: jweng @genisama.com

Dear Jianfeng,

Since I know you well, I report to you directly that Wei Cheng has done Post-Selection misconduct in his
research, specifically, at least the following two papers with you: https://www.nature.com/articles/
s41562-024-01903-x and https://www.nature.com/articles/s41562-024-02078-1

I quote, “First, ordered logistic regressions using raw scores of social isolation and loneliness were
performed to test the robustness and potential dose-dependent associations with plasma protein levels.” Wei
Cheng should have openly revealed what ordered logistic regressions methods were used. Please ask him.

However, whatever the method, e.g., CFFF (Computing for the Future at Fudan), I am confident that the
regression tools that Wei Cheng used suffer from the Post-Selection misconduct, also known as P-Hacking.

Specifically, I alleged “Deep Learning” as well as Post-Selection to be misconduct. Read J. Weng, On
“Deep Learning” Misconduct, ISAIC 2022 and also arXiv. Similarly, almost all performance data from
evolutionary methods and Fuzzy methods that do Post-Selection are also misconduct. Read the following
statement in J. Weng, Why Deep Learning’s Performance Data Are Misleading, AIEE 2023 and also arXiv.

In this paper, I wrote, “This conclusion has a great impact on evolutionary methods that often report
only the luckiest network, instead of those of all networks in a population. Namely, the performances of all
individual networks in an evolutionary generation should be reported. Furthermore, a reasonably disjoint
test set must be used to evaluate the generalization of the luckiest network.”

If you train multiple systems each using different parameters, you need to report the average errors of all
trained systems on a validation set. Better, also report the minimum, 25%, 50%, 75%, and maximum of the
ranked errors on the validation set. If you only report the error of the luckiest few networks on the validation
set, you grossly underestimate its error in a future new test. Namely, the luck on the validation set does not
transfer to a similar luck on a new future test.

For example, if n = 5 predictors each have an independent probability p = 0.3 to fail, the chance that all
n = 5 fail simultaneously is p” = 0.3% = 0.00243, leading to an exaggeration factor of approximately 123
(0.3/0.00243 = 123).

Namely, almost all AI methods are cheating.

Please see this Newsletter for the latest developments if there is such a future test: https://www.cse.
msu.edu/amdtc/amdnl/CDSNL-V18-N1.pdf I invite you to write an [Al Crisis] Dialogue. See https:
//www.cse.msu.edu/amdtc/amdnl/CDSNL-V19-N2.pdf. The past 6 issues are related too: https://

www.cse.msu.edu/amdtc/amdnl/.
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4 [AI Crisis] Debate between Weng and Fudan University 2

Wei Cheng, Fudan University, China, Email: wcheng @fudan.edu.cn

Dear Prof. Weng,

Hope you are doing good. Thank you for your email and thoughtful feedback on our previous publi-
cations. For the two studies you raised concerns about, we confirm the analysis details, specifically to the
potential Post-Selection issue you raised. I appreciate your careful review of our analytical methods and
pleased to provide clarification to ensure the findings of the two studies. Below is a detailed response for
each study:

1. Plasma proteomic signatures of social isolation and loneliness associated with morbidity and
mortality

In this paper, our main analyses used binary measures of loneliness and social isolation, each defined
based on 2-3 questionnaire items. To assess whether our findings were influenced by the measurement
approach and to explore potential dose-response relationships (i.e., whether greater severity of loneliness
or social isolation is associated with larger differences in protein levels), we additionally examined the
associations between plasma protein levels and the raw scores of social isolation (range: 0-3) and loneliness
(range: 0-2). We treated these raw scores as ordered variables and performed ordered logistic regressions in
R using the polr function. The analysis code is openly available with the publication of the paper (https:
//github.com/chunshen617/Proteomics_loneliness/blob/main/S1_1_PWAS_ordered.R).

Such analysis was conducted as a sensitivity analysis and also served as a direct response to the re-
viewer’s comment: “Other limitations: Why did authors choose to examine social isolation and loneliness
as binary measures? It seems like there would be a loss of statistical power from dichotomizing these phe-
notypes, rather than assessing them on a continuum. It would be a shame if this variable selection was only
due to the statistical complexity involved (i.e., due to available software, that it is easier to model them as
binary variables in logistic regression rather than as ordinal ones).”

This paper does not involve prediction, deep learning, or model training. The primary aims are: 1)
To characterize the proteomic profiles associated with social isolation and loneliness. 2) To elucidate how
proteomic alterations may contribute to the relationship between social isolation, loneliness, and health.
In this context, robustness in the manuscript refers specifically to the stability of results across different
operational definitions of loneliness and social isolation. From this perspective, using the same dataset
remains informative, as some associations may only be evident at the group-comparison level, while others

may depend on the gradation of the phenotype or symptom severity.
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2. Identifying Behaviour-related and Physiological Risk Factors for Suicide Attempts in the UK
Biobank

Firstly, during the machine learning pipeline in this study, we initially leveraged all variables to estab-
lish the prediction analysis, rather than using variables derived through a feature selection procedure. The
analysis was conducted independently and allowed us to have an overview of the whole dataset without the
issue of Post Selection. This information is explicitly clarified in the Supplementary Information (p.5): “All
suicide-related variables and demographic information such as age and sex were initially considered for the
machine-learning classification.”

Secondly, regarding machine learning feature selection, we adhered to standard protocols for feature
selection by dividing the data into ten folds and performing feature selection within iterated training folds
(nine folds of data). Such an approach produced inconsistent feature rankings and panels across training
folds, making it difficult to establish a fixed panel, which is crucial for validating the previously identified
risk factors and guiding clinicians in prevention and intervention strategies (the aim of this study). Thus, we
switched to using overall sample feature rankings. This approach ensures that the selected risk factors are

stable and reliable across the dataset, while avoiding bias caused by unstable rankings across folds.

Table 1: Feature Occurrence Frequency in Ten-fold Cross-Validation Analysis

Rank Features in the manuscripts Frequency of features
1 Suffering mental distress 100%
2 Feelings of worthlessness 100%
3 Age at first episode of depression 100%
4 Seen psychiatrists for anxiety/depression 100%
5 Thoughts of death during depression 100%
6 Ever sought/received help for mental distress 100%
7 Depression diagnosed by professional 100%
8 Victim of sexual assault 100%
9 Felt loved as a child 100%
10  Lifetime number of sexual partners 100%
11 Felt hated by family member as a child 90%
12 Traumatic events 80%
13 Physical violence by partners 100%
14 Belittlement by partners 60%
15 Fraction of day affected during depression 70%
16 Smoking years as proportion of life span 70%

Additionally, we are mindful of potential data leakage issues and applied rigid cross-validation to ensure
the robustness of our results. The results revealed that the top 10 features selected from the whole dataset
largely overlapped with those from each training dataset. Furthermore, the model’s performance using
features from the entire dataset (AUC = 0.909 +-0.006) was nearly identical to its performance using features
from ten-fold analysis (AUC = 0.908 £ 0.008). The equivalence of the top features and model performance
across both feature ranking approaches suggests the reliability and robustness of our results.

For clarity, we provide detailed results of the ten-fold analysis as shown in the GitHub repository for

detailed results and implementation code (https://github.com/beihmagic/Suicide_Risk_factors_
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tree_main/5-Classification’%20420analysis). Here we summarize the frequency of occurrence of
each feature in the ten-fold analysis, as outlined in Table 1.

We appreciate your careful review and the opportunity to clarify our methods. Both the original and
further validation results confirm the robustness of our findings. If you have further questions or need

additional information, please feel free to contact us.
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S [AI Crisis] Debate between Weng and Fudan University 3

Juyang Weng, Brain-Mind Institute and GENISAMA, USA, Email: jweng @ genisama.com

Dear Dr. Wei Cheng,

Thank you for replying to my email. Your Paper 1: You stated “This paper does not involve prediction,
..., or model training”. This claim is not true.

1. You used “test” below. Caption of Fig. 1: “All statistical tests were two sided”. “Test” is a prediction.
In your case, it is an approximate fit on your validation data, not test. Your “tests” in the above caption are
not true tests (on new data that your post-selection did not see).

2. In the above email, I quoted your claim “logistic regressions”. Logistic regression is a model and it
requires model training to apply to your data. I repeat again that you have used Post-Selection misconduct,
because you did not explain how you avoid the severe local minima problem.

See the attached Wikipedia page that explains “begin with a tentative solution”. I quote my comments in
the attached document: “This ‘begins with’ is done multiple times from some ‘randomly’ or ‘hand-picked’
tentative solutions. Each results in a predictor. From the multiple predictors (in my example, n=5), pick up
the luckiest one on the validation data V (you have answers to the data in V). You report the fit error of the
luckiest predictor on V, but did not report the performance of the luckiest predictor on a truly test data set
(e.g., by an independent lab). Namely:

(1) Cheating in the absence of a test.

(2) Hiding bad looking data.

(3) Exaggeration of the performance (in my example 123 times of exaggeration factor when n=5).

Your Paper 2: You admitted that you do prediction. Therefore, my above allegations apply. You wrote,
“we adhered to standard protocols for feature selection by dividing the data into ten folds and perform[ed]
feature selection within iterated training folds (nine folds of data).” However, cross-validation does not avoid
the Post-Selection misconduct. See: J. Weng, Misconduct in Post-Selection and Deep Learning, Proc. the
8th International Conf. on Control, Robotics and Cybernetics, Changsha, China, pp. 1-9, Dec. 22-24, 2023,
NIJ: IEEE Press, arXiv 2403.00773. Therefore, the use of cross-validation does not clear your Post-Selection
misconduct.

This discussion is very useful for the research community. Could we publish your email in the [AI Crisis]
Dialogue in IEEE CDS Newsletters? We published Prof. Asim Roy’s arguments in the same newsletters.

Such discussions will also increase the visibility of your works.
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6 [AI Crisis] Debate between Weng and Fudan University 4

Juyang Weng, Brain-Mind Institute and GENISAMA, USA, Email: jweng @ genisama.com

Dear Jianfeng,

I do not think Wei Cheng was honest in the last email. To avoid the Post-Selection misconduct, he must
have solved Problem 14 and Problem 19 in the following 20 million-dollar problems.

J. Weng, “20 million-dollar problems for any brain models and a holistic solution: Conscious learning”,
in Proc. Int’l Joint Conference on Neural Networks, Padua, Italy, NJ: IEEE Press, 9 pages, July 18-23,
2022. http://www.cse.msu.edu/ "weng/research/20M-IJCNN2022rvsd-cite.pdf

However, to solve these two problems, he must have a holistic solution to solve all the 20 million-dollar
problems. Piecemeal solutions should not exist.

Please feel free to write rebuttals so that IEEE CDS Newsletters can publish your views.
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7 [AI Crisis] Debate between Weng and Fudan University 5

Wei Cheng, Fudan University, China, Email: wcheng @fudan.edu.cn

Dear Prof. Weng,

We would like to reiterate that the paper “Plasma proteomic signatures of social isolation and loneliness
associated with morbidity and mortality” involves traditional statistical analyses and does not involve “pre-
diction” as an Al term. The phrase “test”—as in “All statistical tests were two sided”—is used strictly in
the statistical context, which was required by the editorial board of the journal. Such statistical approach in
association analysis has been widely adopted in biomedical studies [1, 2, 3, 4].

In addition, we agree that methodological refinement is ongoing, and your work contributes meaning-
fully to this discourse. We recognize your critique that cross-validation does not fully resolve post-selection
bias. As for “Identifying Behaviour-related and Physiological Risk Factors for Suicide Attempts in the UK
Biobank™, the CV approach remains the prevailing standard in our domain for studies where independent test
sets are impractical. Our approach strictly isolated feature selection within training folds, and performance
metrics were derived solely from untouched validation folds—aligning with widely accepted practices to
mitigate overfitting [5, 6, 7, 8, 9].

We respectfully decline to publish this exchange in the Al Crisis Dialogue at this time but would consider
a collaborative perspective piece on CV’s role in future research, peer-reviewed to ensure technical nuance.

Thank you again for your rigorous critique—it strengthens our community’s work.
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8 [AI Cirisis] Debate between Weng and Fudan University 6

Juyang Weng, Brain-Mind Institute and GENISAMA, USA, Email: jweng @ genisama.com

Dear Dr. Wei Cheng,

(1) You wrote, “First, ordered logistic regressions using raw scores of social isolation and loneliness ...”.
The Wikipedia page on “logistic regression” stated: “begins with a tentative solution”. Since your paper did
not explain how many tentative solutions you tried (unacceptable lack of transparency), and whether your
validation scores average over multiple “tentative solutions”, you should have used Post-Selection: picked
up the luckiest “tentative solutions” among multiple “tentative solutions”. When the multiplicity is only as
small as n = 5, my example shows a factor of exaggeration of 123 times. You should have used ordered
logistic regressions in many of your papers. This means all such papers suffer from falsified data. It is not
acceptable to publish your data without discussing the severe local minima problem.

(2) You wrote, “We recognize your critique that cross-validation does not fully resolve post-selection
bias”. It is good to hear this statement which indirectly admits Post-Selection misconduct in your work.
The (input-end) cross validation only addresses the luck in providing input data. The (output-end) cross
validation (that you did not do) also addresses the luck in providing the output data.

(3) You wrote, “performance metrics were derived solely from untouched validation folds”. This term
“untouched” is not true because your Post-Selection process has used the validation folds.

(4) You wrote, “aligning with widely accepted practices to mitigate overfitting [citations]”. We claim that
almost all machine learning methods suffer from Post-Selection misconduct. Your term “widely accepted”
is like the “Great Leap Forward” in China during 1958—1962.

(5) You wrote, “independent test sets are impractical”. This is not true because an independent lab could
take out folds of output data as in the output-end cross-validation in (2) but do not tell you the source of
data.

(6) You wrote, “We respectfully decline to publish this exchange in the Al Crisis Dialogue”, however
because your papers are published you must not cover up debates on your published papers along with
responses from your side. What you are doing in this debate helps many others as you alluded to in (4). Let

us work together to stop these “Great Leap Forward” cheatings in science.
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9 The Seifedine Kadry Retraction Scandal

Image Source: https://www.khrono.no/forsker-har-fatt-trukket-tilbake- 16-artikler/979507

Between 2021 and 2023, Seifedine Kadry, a professor at Noroff University College in Oslo, Norway,
published an extraordinary 385 research papers—an average of one paper every three days—making him
one of the most prolific scholars in the country. His collaborations were primarily with researchers from
Pakistan, India, and Saudi Arabia, often involving 7-8 co-authors per paper. Such productivity, far ex-
ceeding the Norwegian average of roughly one paper per year per researcher, attracted both admiration and
skepticism [1].

In 2022, retraction notices began to accumulate. By mid-2025, Kadry had co-authored at least 16 papers
that were formally withdrawn, the highest number of retractions for any Norwegian academic in recent years.
Many of these papers had been published in special issues overseen by guest editors and were later found
to suffer from irregular peer-review processes, inappropriate or irrelevant citations, and topics outside the
scope of the journals. Publishers including Springer Nature and Hindawi (owned by Wiley) cited concerns
about unreliable results, possible “paper mill” involvement, and even fabricated peer reviews [2].

The growing controversy prompted Noroff University College to launch an external investigation, com-
pleted in early 2025, though the institution has declined to release the findings, citing personnel confiden-
tiality. The case has been referred to Norway’s National Research Misconduct Investigation Committee,
which is expected to issue its decision in autumn 2025. Kadry, when approached for comment, declined to
discuss the matter publicly, directing reporters to the university administration [1].

The Kadry affair underscores the tension between hyper-productivity and research integrity in an era
of proliferating special issues and international collaborations. It raises urgent questions about co-author
responsibility, editorial oversight, and the vulnerability of peer review to exploitation—issues now at the
forefront of academic integrity debates.
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